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ABSTRACT

This paper uses multi-feature fusion method to research and analysis the Chinese
dependency syntax tree. A similarity computing model for dependency syntactic tree is
proposed. Based on the dependency syntactic tree structure, the node words, parts of
speech, and the dependencies between words are considered. The similarity calculation
method between two dependency syntactic trees is proposed through comprehensive
analysis of feature weights of dependency relation. The experimental results show that
this method achieved a high accuracy rate.
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INTRODUCTION

Sentence clustering is an important part in natural language processing. It provides an effective way for information
extraction, subject classification and automatic abstract generation. Sentence clustering methods for Chinese information
processing are the method based on feature words™, the method based on iterative self organizing algorithm!?, the method
based on multi feature’®, and so on.

During sentence clustering, the sentence similarity computation is an important basic. Currently, the research of
sentence similarity computation can be roughly divided into some kinds as follows: words-based similarity computation* ¥,
similarity computation based on word semantic®, similarity computation based on syntactic structure”®, similarity
computation based on edit distance, and similarity computation based on dynamic programming!®. Among these methods,
the first three need sentence segmentation processing and the latter two do not. In recent years, the valence theory and
dependency grammar syntactic structure analysis have become research hotspots. Syntactic structure similarity computing
lays the foundation for the sentence similarity computation, so it important and necessary to study the syntactic structure
similarity computation based on dependency relations.

This paper presents a mathematical model for calculating the dependency tree similarity, the model not only pay
attention to the words themselves, but also study on the POS and dependency relations between words. By using the
similarity calculation of two syntactic dependency trees we can implement sentence clustering.

OVERVIEW OF DEPENDENCY GRAMMAR

Dependency grammar is first put forward by the French linguist L. Tesniere in his book Elements of Structural
Syntax, published posthumously in 19509. It will sentence analysisinto a dependency tree, describe the dependencies between
words. It is also pointed out that in the syntactic collocation relations between words, such collocation is associated with
semantic. Dependency grammar has a far-reaching influence on the development of linguistics, especialy in the area of
computational linguistics respected. It uses the analysis of the relationship between syntactic dependency language units
within the composition to revea its syntactic structure. It advocates that center on verbs, verb dominating the other
components, but they themselves are not dominated by any other component, all controlled by the components in some
dependency from belongs to the dominant!™*”.

There are some common methods to parse dependency syntax, such as rule-based, statistics-based, combined
method based on rules and statistics, tree library based!’?. For Chinese research the Treebank include U-Penn tree library
built by University of Pennsylvania™, Sinica Treebank of Central Research Institute of Taipeil*?, Chinese syntax Treebank
of Tsinghua University™ and Harbin Institute of Technology dependency Treebank!*. Dependency parsing expression form
isdivided into tree structure and relation of set form. An example of Chinese sentence tree structureis shown in Figure 1.
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Figure 1 : Sample of Chinese dependency syntax tree

Dependency syntax is widely applied in the field of Natural Language Processing. Hu et al.™ studied syntax path
similarity calculation based on the dependency syntactic data, and realized the answer extraction of Chinese question
answering system. Li et al.[*® exploited the dependency tree for case comparison to detect multiple constraint relations within
a sentence, collecting signal words and relevant examples to construct a case-base of different kinds of constraint relations;
defined a Partial Dependency Tree kernel for similarity measurement. Gu et al.™” proposed an approach for extraction based
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on semantic dependency in order to deal with Chinese ontology non-taxonomic relation extraction. They used semantic role
labeling and dependency grammatical analysis to obtain semantic role and dependency relation of text sentence element.
Verb frame with semantic dependency from text was extracted, and then discovered the non-taxonomic relation between
concepts and name of the relation by computing semantic similarity. Most of the research and application based on
dependency grammar are considered in advantages of concise form and easy to label and application'®.

SIMILARITY COMPUTATION MODEL OF DEPENDENCY SYNTACTIC TREE

Definition 1: To define a dependency relation R (C, A, D, CP, AP) as afive tuple, where C is the core word, A isthe
dependent word, D is the dependency type, CP is the POS of word C and AP is the POS of word A. The elements of R are
characteristic parameters and each one of them has different feature weight.

According to the dependency theory, one node or word in dependency syntax tree can only has one dominating node
or word but can have multiple dependent nodes or words. Thusin R tuple the C is more important than the A. In addition, a
word may have different parts of speech, and each part of speech contains many words, so the importance of the words
themselves is heavier than their POS. Finally, the dependency relation D between two certain words not only related to the
words themselves but also related to their POS, so the importance of D is between the word itself and the part of speech.
Therefore the feature weights order of the elements in dependence relation R is: C>A>D>CP>AP.

Under the assumption that there is a dependency relation pair <R;, R,>, to contrast the 5 elementsin R; (Cy, A4, Dy,
CP,, APy and R, (C,, A,, Dy, CP,, AP,) respectively, if the two feature parameters are equal the valueis 1 and the value is 0
when they are not equal. Then, according to the order from high to low weight arranged the five O or 1 values, get a binary
number (bbbbb),. The range of the binary number is between 0 and 31, which corresponds to 0 means R; and R, completely
unequal, and 31 corresponding to the situation that R; and R, are exactly the same. Based on the binary number, the
similarity definition of R; and R, are asfollows:

(Bbbbb); 10096

R IR = S(RRo) =y’

D)

For example, there are two five tuple Ry (Cy, A, D1, CPy, APy) and R, (C,, A, Ds, CP,, AP,), assumption the
compare results are C,=C,, A#A,, D;=D,, CP,=CP, and AP,#AP,, then according to the feature weight order that the binary
number is (10110) 2. So the similarity between R; and R, is as follow:

(10110), 22
= S(R,R,) = 5202 10006 = 22« 100% = 70.97% 2
RIR=S(R.R) Quy, s 0 @

Suppose there are two dependency relation pair sets A=(ay,&...a,) and B=(by,b,...by,), without loss of generality, let
the element number of the set A isless than the element number of set B. That is, n<m.

In order to compute the similarity of set A and B, it needs to determine the corresponding dependency relationship
belongs to set A and set B respectively. For each g€A,1<i<n, there are several corresponding relations: b;eB,1<j<m. Suppose
different & corresponding to different by, so the total number of corresponding relations about set A and set B is calculated as
follow:

n!

nx(N-1)x(n-2)x...x(M-n) = (m—-n)!

3)

Definition 2: if there is correspondence relation between set A and set B named Q) (1<k < ), for agiven g

(m-n)!
in€, thereis ab; matching to &, denoted asb; = Q, () . The similarity of O, is defined as:
n
PIECHNCY)
SmQ) ==—-—— (4)
m

Definition 3: The similarity of the two dependency relation pair sets A and B is the maximum similarity of Q, , that
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n
2. Max{S(a, (&)}
Sm(A B) = Max{Sm(Q, )} == ,n<m1<k< (5)
m (m-n)!
Now take two Chinese sentences as analysis example. The sentences are parsed by LTP*¥ (Language Technology
Platform) which developed by Harbin Ingtitute of Social Computing and Information Retrieval Research Center. The
dependency relations of each sentence are as shown in Figure 2.
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Figure 2 : Sample of dependency relations from two sentences

The corresponding dependency relation pairs illustrated in Figure 2 are shown in TABLE 1, which ignored HED
relationship from Root. The alb; (i and j can be equal) means the similarity between the two dependence relationship & and
b;, according to the formula (1) we can calculate the a|b; and choose the maximum one as the optimal value of S(R;, R,) .

TABLE 1: Relation pairs of sentences

Z2FER B B2 (A) ZPARHE )\ K2 —(B) S(R.R) Optimum value
by:SBV (&, %kH, SBV, v, ns)

by VOB(/Z, i #f5, VOB, v, n) alt',bf?ff;ﬁ;

b ATT(&78, /UK, ATT, n, j) Z’;Ibz; 19'350/2
baATTU\K, HIE, ATT, j, ns) a4|§2: 3.23%
bs:RAD(#6,2 —, RAD, n, 1)

a:SBV(i&,%¢[H, SBV, v, ns)
a:VOB(J&,# 2, VOB, v, n)
QATT(H 2 19, ATT, n, U)
a,:DE(#Y, 5 3L, DE, u, n)

Thus, by using formula (5) the similarity of dependency syntactic tree can be calculated as follows:

3 Max(S(3. 0, (@)}

sm(AB)=42 _1+0.7419+0.1935+0.0323 _ 59 a5, (6)

m 5

EXPERIMENT RESULT AND DISSCUSS

Based on the comparison of similarity of two sentences, we can complete the sentence clustering. In our experiments
each sentence should be computed the similarities with other sentences, and take corresponding sentence which lead to the
similarity maximum for the candidate sentence. After the completion of all sentences comparison each other, the clustering
operation can be implemented. If there are two sentences mutually candidate sentences (described as 1:1 relation), they
belong to the same class; if the sentences are described 1: n or n: 1 or m: nrelation, then calculate the relative range value of
their similarity to determine the result. Only when the relative range is less than a certain threshold d, the sentences can be
classified as the same class. A sample of sentence clustering is shown in TABLE 2.

TABLE 2: Sentence clustering sample

sentence experimental sentences candidate sentences similarit

number (sentence number) y (%)
1 ZERE S B SR 2 LT EIREE . — (2) 39.35
2 LB E R d 2 — LB S Z (1) 39.35
3 H [ SO TR AL TEE T 22 BH LR EK 2 — (2) 20.97
4 EBEA -+ = F A HR 2 R R S A2 Bk (9) 44.09
5 JE 55 T AR Mgk = IRAE Y o 8 22 B B SUe R R BARIE A ]1(8)  56.45
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6 J& 553 N B A 0 B AE WA 5 JE S5 VA Mk BRAE B 5 22 BH (5) 12.90
7 A SO BT E e ol o 1 — Pl sl ST 7 JE 5 B A ik e BIAE B B 22 B (5) 4484
8 FH /B SRS A BRI KB 22 R A ] JE 5 B A ik - BIAE B B 22 B (5) 56.45
9 PR R A N E R 2 B WIHA + =8 A2 7R (4) 44.09
10 Fa ot E=EMTE MoEmERF S EE ERA0 5 OB ERoh #H—Fh#csg 43.3
- F(7) ‘

From the experimental results shown in TABLE 2, sentence 4 and sentence 9 are just the one to one relation
(denoted with4 <> 9), so they belong to the same class. And the other sentences should be judged. Now take sentence 1, 2
and 3 as an example to explain the judge process (the relation of the 3 sentence can be denoted as3— 2 <> 1).

Suppose that the similarity threshold d=15%, the average similarity of 3— 2 <> 1isS=233.22%, and the range is

0,
R=18.38%, so the relative range is RR = 5 _1838% _ 55.32% >15% which beyond the threshold range. Therefore

S 33.22%
they could not be divided into one class. After analysis and eliminate sentence 3, sentence 1 and sentence 2 finally be
classified as one class. The clustering processes of other sentences are similar, do not describe in detail.

In order to detect the effect of our clustering algorithm, we selected 200 sentences to experimentalize. The 200
sentence has been artificial selection and classification, involving 10 kinds of topics, including education, politics, sports,
tourism, computer and other fields, and each kind of topics containing 18-22 sentences. The correctness of the experimental
results only based on the similarity of clustering sentences, and do not consider the correctness of clustered categories. All
segmented words of sentences were selected in the experiment, and the feature words were not screened. The experimental
results are as shown in TABLE 3.

TABLE 3: Sentence clustering contrast experiment

M ethod Precision (%) Recall (%) F;(%)
literature 3 66.9 60.2 63.4
our method 722 55.4 62.7

From TABLE 3 it can be seen that our clustering algorithm increases dlightly in accuracy compared to literature 3,
but decreases in the recall rate. The main reasons are: in the accuracy, the dominate words, POS and dependency relation are
all taken into account in our method. In addition, the accuracy rate is directly related to the results of dependency syntax
analysis; in the recall, our method does not consider the semantic relationship between words, and there are only 0 and 1
cases about similar attributes of words, and thus leads to lower recall rate.

CONCLUSIONS

This paper presents a sentence clustering method based on the similarity of dependency syntax tree. The method is
based on the dependency relation pairs, the dependency relation pairs set belong to different sentences will be matched and
calculated the similarity. Selecting the correspondences which cause the sum of dependency relation pairs maximal as the
computing fundament, and finding the average of the sum of dependency relation pairs similarity. It will be considered as the
syntactic structure similarity of two sentences. The algorithm compares five features: lexical itself, part of speech and
dependency relations, comprehensive measure of the similar relationship between the syntactic structures of sentences. But
the present algorithm is lack of semantic analysis, and does not consider the influence of stop words when computing the
similarity. In the next step, we will use the semantic advantages of ontology to perfect the algorithm. The influence of stop
words and the weight factors of different dependency relation type and POS will also be considered.
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