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ABSTRACT

Existing divide block video compression perception is usually used the
same measurement matrix measure for all image block, the average
distribution of sampling rate measurement method ignoresat different areas
of the structure complexity and change degree different of the factsin the
video. In order to solve this problem, this paper proposed an adaptive
allocation sampling rate of the unstabl e sampling rate compression method
by the distribution characteristics of the video inter-frame correlation.
Categorizing the size of the image block according to the inter-frame
correlation and assign different sampling rates, refactoring process adopt
the unstable sampling rate multihypothesis predictions a gorithm to make
full use of the inter-frame correlation. Experimental results show that this
paper’s algorithm can reconstruct the high quality video images under low
sampling rate, and the unstabl e sampling rate measurement method ishel pful
to improve the refactoring quality of sports areas

© 2014 Trade ScienceInc. - INDIA

INTRODUCTION resources?. Compressed sensing theory, combined the

traditiona dataacquisition and datacompressioninthe

Compressed Sensing theory (Compressed Sensing,
CS) by Donoho, Candes and Chinese scientists Tao
and others scientists put forward in 2004, Candes et
al.¥'in 2006, from mathematicsto justifying the part
from Fourier transform coefficient accurately
recongtruct theorigina sgnd, andlaidatheoretica basis
for compression perception. Because of the high
resol ution mathematicsimages and video frequency
band math wider, based on the Shannon theorem for
sampling before compression of traditional data
process ng method iscaus ng seriouswaste of sampling

process of signal acquisitionfor theleast coefficient to
describethesignal, and to the use of sparsesex orin
low rank4 such as prior knowledgefrom theknown
toasmall number of measured val ue by reconstruction
algorithm to reconstruct the original signal with high
probability®,

Video compression sampling process can be
redlized through continuoususesingle pixel camerd”,
thewholeframesampling method will leed tothestorage
space and a gorithm complexity of theproblem. Todo
this, theliterature® proposed apiece of sampling mode,
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thesingleframeimageblock and theblocksaredl use
the same measurement matrix sample separately. And
directly compared to the reconstruction of thewhole
image sampling method, in view of thesingleframe
reconstruction agorithm of block sampling onthe speed
and quality areshowsobvious superiority®®®. However,
thesein avideo singleframeprocessing method ignores
thevideo of the strong correl ation between successive
frames. Based on the motion estimation and motion
compensation of the video compression perception
reconstruction agorithm not only takes advantage of
thevideointer-frame correlation, and transfer to the
traditiona video compression coding complexity inthe
decoding side, reducesthe power consumption and cost
of thevideo acquisition device™*., VVideo compression
perception of motion estimation process is at the
receiving end usethemeasured va ueof theknown crude
reconstructed with visible noise approximation of the
frame, then to predict motion estimation. By contrast,
Tramel et a.[*3 jsput forward in the measurement
field directly predict more assumption frame prediction
method (MultiHypothesis Frame Prediction, MHFP)
can significantly improvethe accuracy of forecasting
frame. But dueto ignore movement characteristics of
different regionsin the video scene, this method for
utilizetion rate of theinter-framecorre ation remainsto
beimproved. Theliterature® although aware of the
problem, but because of when the adaptive sampling
need periodically joined thereflectorizing processand
greatly increases the sampling of the complexity,

contrary to the origina intention of compression
perception theory.

Considering theinter-frame correlation different
between different regions of the video sequence, this
paper proposes asimple and effective divide block
video compression perception algorithm based on
variable sampling rate. First, the same measurement
matrix are used to get the target frame and reference
frame corresponding measurement vector, according
to the difference between the energy block can be
divided into three categories. approximate constant
block0slowly changing block and rapidly changing
block. Second, different categories of block are
processed by choose different sampling rate
respectively. Thiskind of measurement method can
according to different blocks has different scene
complexity and changeintengity of adaptiveadjust their
measuring points (that isblock sampling rate), so asto
achievetheaim of reasonabledistribution of sampling
rate.

At the receiving end, this paper through the
multihypothesisprediction of variable sampling rateto
get frames of prediction, and based on the residual
redundancy dictionary ¢ regularizationformsof iterative
weighted | east-squaremethod ( & -regularized Iteratively
Reweighed Least Squares, ¢ -regularized IRLS) re-
factoringto predict resdual, findly get the high qudity
of the reconstructed frames. This paper put forward
video compression perception based on the variable
sampling ratemeasurement of structure Specific process
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asshowninFigurel.

VARIABLE SAMPLINGRATE
MEASUREMENT OF VIDEO SEQUENCES

Reference frame of fixed high sampling rate
measur ements

Thesingleframeimagefor nx n,if asa p? x10f

vector direct sampling, The mx n? of measurement
matrix isneededto get m measured vaues, obvioudy
the scale of the measurement matrix storage and
computingwill bring greet difficulty invideo compresson
perception system. Thispaper’sliterature® putsforward
theblock samplingmode, will get Kk B x B blocksby
reference frames not overlap division block, and for
each image block with the same measurement matrix

@ Separatesampling. FortheNO.i =1,2,---, K image

block x_,, themeasurement vector can berepresented
&

ytl—l = q)xtl—l @

In the formula
®e R"™M(M =[(mN)/n*],N =B?),y e R""
Thewholereferenceframe of sampling processcanbe
expressed as Y., =®X,,, among
themx, , e rR"*and v,_, e R™** ’scolumn vector
respectively for each image block’s pixel vector and
measurement vector.

In order to be able to better satisfy the quality
reconstruction requirement of the video compression
perception, thispaper adoptstheK-SVD (K-Singular
Va ue Decompaosition) method training 4 timesredundant
dictionary makesvideo signal’s sparserepresentation
of the coefficient ismore sparseunder thedictionary:

Xti—l = lPati-l )

Intheformulay for theKSVD dictionary, « | , for
the coefficient of sparserepresentation. Inaddition, the
designof themeasurement matrix is ¢ asotheimportant
issues of compressed perception theory. Inthisarticle,
it is adopts KSVD dictionary y to obtain the best
measure by optimization criterion. Thekey of design
best measurement matrix ismakethe holographic base
©® = ¥ ’scrosscorrelation of the atom minimum,

namely to construct ameasurement matrix ¢ Ssatisfy
theruleof optimization:g7g ~ | -

Non referenceframeof thevariablesamplingrate
measur ement

Different moving objectsin video may movement
indifferent ways, sotheinter-framecorre ation between
different areas is different. For measuring of non
referenceframe, thearticleaccording to different degree
of changeof rddivereferenceframeindifferent regions
of thereasonabledistribution of sampling ratein order
to obtain high efficient sampling, which changesdegree
amaller regiond digtribution of low samplingrate, which
changes degree bigger regional distribution of higher
sampling rate, so ensure the area of rapid change at
low speeds of under total sampling ratecan still high
quality reconstructed. When the scene occurrence
mutated, using thisarticle’s proposed variablesampling
ratefor sampling, admog dl blockswill beat thehighest
sampling ratefor sampling, can ensureamutationsscene
of highquality reconstruction.

Classification sentencesstandard

Take non reference frame divide block by not
overlapped in the same way as reference frame, the
NO.i block x' and the difference of the among
corresponding position’s x' , inthereferenceframe
reflects on the position of theinter-frame correlation,
namely two corresponding block of theresidual energy
SzeE(x' ,, %) =] x, - x |? canbeused asjudgment
criterion of block classification. However, duetothe
brightness of different video and contrast of different
video islarge, the corresponding residua energy can
make abig difference, asjudgment criterion whenthe
decision threshold choice for the dependence of the
video will be very strong, thus affecting algorithm
versatility. Therefore, thisarticleusestheresidua and
the reference block’s energy ratio as the judgment
criterion.

e(xt—ll Xl) = E(XFPXI)

E(x ) ®
Itisimportant to notethat thevideo frame of pixe
vauesin compressed sensing systemisunknown, only
known to the measured values. So thisarticleusesthe
residual energy of measurement domain andtheratio
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of thereference block energy asdecision criteria

Doy - EYea Y
ey 1 Vi) = E(y L) @)
Tothe Foreman, News, Susie, Football, Caltrain,
Garden, Tempeteand Tennistotal 8 setsstandard video
sequence of 12968 image block using threshold vaue
1, and 1, forclassfication (r, < 7, ).Accordingtothe
formula(3) cdculatetheNO.i block of thepixd domain
decisonfunctionvaue, if e(x’ ,,x) < T,, thenthisblock
of judgment for the approximate constant block.
Calculated all the approximate constant block of the
measurement domain decision function value by the
formula(4),if meet e(y, ,.y/!) < T,, theindicatesthat
using of measurement domain decision function can be
classified correctly. Tomeet 7, < e < T, Of thedowly
changingblock andmeet e - 1, of thergpidly changing
bl ock’s measurement domain of the decision function
whether redlize correct classification’stest method in
thesameway. The dtatistical resultsshowed that inthe
pixel domain decision function to determine the
approximate constant block according to the
measurement field classified decision the probability of
correctly for 93.35%, dowly changing block and rgpidly
changing block classified the probability of correctly
for 89.68% and 97.02% respectively. Experiments
show that the residual energy ratio of measurement
domain canreflect the changesof pixel domainredly,
and canredlizecorrect classfication.

Variablesampling rate measurement

Supposing approximate constant block,slowly
changing block and rapidly changing block of sampling
raterespectivelyfor s, , s, ands, ,amongthems, and
thereferenceframeof block sampling rateisthesame,
ands, < s, < s, , thecorresponding block sampling
pointsrespectively for m, -[s,-82], m,=[s,-8?]and v .

Firg, takethenon referenceframefor pre-sampling.
The pre-sampling matrix @, isconstituted by measured
matrix ¢ of thereferenceframe of former m, lines, take
thenon referenceframeof imageblock x! for projection
toget measurevauey, ,, = o ,x . Thencomparedto
the pre-samplingvaluey; ,  andthereferenceframe

measurevaueof formerm,linesy, ,,, , andaccording
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to the setting threshold 1, and T1,, carries on the
classficationdecison.

Calculated x; of thedecisionfunctionvaue e by
the formula (4), if e<T,, then it is judgment for
approximate constant block, only keep among of the
measurement vector former m, measure value to

gety, .. , whichreduced theblock samplingratetos, ;
if T <e<T,, then it is judgment the block for slowly
changing block, keepm, measure value unchanged,
samplingrateisill s,;if e>T,, thenitisjudgment for
rapidly changing block, increasethe samplingrateto
s,, that isformula (5) and formula (6) to increaseits
measurement vector length, get the new measurement

vector vy, ,, :
Ayti =0 Axti ®

=[yi ) v T ©)
Among of them, &, isthecomposition of additiona
measurement matrix by measurement matrix of
M,+10 M lines

Inorder to ensuretheformula (4) wasused asthe
classification decision function to realize accurate
classification, need pre-sampling y; ,,, cancorrectly
reflect theredity changes of the current block, namely
themeasurement vector of information should belarge
enough, the pre-sampling process can not be ableto
usetoolow sampling rate, and pre-samplingrateistoo
high will affect the sampling speed. Therefore need to
moderate choose pre-sampling rate, achieve both can
reducetherisk of misclassification and can avoid the
sampling speed isaffected. 2.2.1 section of the correct
classification statistical resultsisgot by pre-sampling
rate for 20%, the correct classification probability is
higher, and sampling speed ismoderate.

Because of this article’s variable sampling rate
measurement processis adaptive, wedo not know the
red sampling rateof thenonreferenceframeinadvance,
thereforein the process of actual transmission, each
block need more transmit a data used to record the
block categories. But theseadditiona dataintheprocess
of actual transmissionto increasethe extraburdenis
not obvious, if each measured valuesexpressedin 1
byte, and use the binary number 01, 10 and 11
respectively theNo.1, 2, 3 classes, theeach block with
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2 hittransmissionitscategory information. Theactua
sampling rate of non referenceframeareasfollows:
_KxM K x M, + K xM +K /4

7 )
Intheformula, 12showsthetota pixel number of
non reference frames, k shows the total number of
divideblock, k,showsthe number of sentenceasclass
1imageblock, «k,showsthe number of sentence as
class2imageblock, k , showsthenumber of sentence
asclass3imageblock, and meetk =k, +K, +K,.

S

THE RE-FACTORINGBASED ON
SAMPLING RATE OF MEASUREMENT
VALUE

Refer enceframe of smooth ¢, Norm re-factoring

The high sampling rate measurement of fixed
reference frame, direct application of single frame
compression perception of rapid reconstruction
agorithm canget high quaity recongtructionresults. Due
to measurement number y isless than the length of
sgna N, fromy, |, = ox' ,insolution x ,isthesolving
problem of non only solution of the undetermined
equations. Usingvideo sgnd under thedictionary ¢ has
asparse representation of prior knowledge, takethe
problem of solve the undetermined equationsto be
transformed to the minimum O-norm problem:
dy=agminflag, b, sty =0¥a, ®)

Intheformula, | ¢!, ||, showsthenumber of thenon
zero e ementsof sparse coefficient, namely the sparse
degree. And usesy , = ¥4, ,t0 get reconstructing signal
%,

However, the solution of theminimum ¢, normisa
NP-hard problem, can betransformed into minimum
¢, normor smooth ¢, norm (Smoothed/,, thisarticle
definedits SLO norm) of optimal solution. This paper
choosesto solve the minimum SLO norm method to
quickly and accurately reconstruct referenceframe:

diy=argmin|ldy, lls,, st Y, =o¥a, (©
Intheformulas, , =[a,,-,a, ], ¢, nNormof smooth

approximation SLO norm can be expressed
as:|la, llgo =L - [ exp(-al/20?). Among

them, & valuesused to balancethe accuracy degreeand
smooth degreeof the approximatefunction SLO norm,
thesmaller the &, themoresimilar the ¢, norm.

Thisarticlethrough http://ee.sharif.ir/~SLzero’sSLO
package optimization solution formula (9), and
bys , =wa! ,,gothighqudity reconstructionreference
frame.

The experiment to choose the sequence o for

o =po,,(k=2), o’sinitiad value o, =2max|a, |,
declinefactor . =0.25.

Non referenceframeof thevariablesamplingrate
multihypothesisre-factoring

Through the above process can under the high
sampling rateof fixed gain high resol ution reconstruction
referenceframe. Takeit asthe non reference frame of
thevariablesampling ratemultihypothesispredictionre-
factoring of reference, effectively improve the re-
factoring quality of nonreferenceframe.

Pretreatment of approximate constant block

Attherecelving end, first determinethereceived
thenonreferenceframe of each block category. Ifitis

approximate constant block y;,, , then need to first
through the pretrestment process. With referenceframe
corresponding block of measurement vector y, , ’sfinal

m-M valueswill be y; ,, fill longtop :

= [y M+ )y () T (10)

Among them,
NO. j dement.

Due to approximate constant block of relative
referenceframe corresponding blocksof the movement
is very small, contain the least amount of new
information, theexisting m, messured va ueto represent
the small difference between the two frames. At the
same time, take the reference block’s part of the
measured val ues approximate as the the current of
approximate constant block of measured valueused, is
equivalent to increase the approximate constant block
of sampling rate, effectively improvethenon reference
frame of low sampling rate measuring’s approximate
constant block of reconstruction quality.

Yim

y,,(j) shows vy ’s the
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Variable sampling rate of multihypothesis
prediction

To makefull use of theinter-frame correl ation of
video frame peculiar, this article chooses in the
measurement field prediction’s multihypothesis
prediction method*3.

&t:argm&inllYt—‘D&t”i (1)

Dueto be predicted sgnd measurementvdue v, is
known, and this directly in the measurement area
forecasting process to ensure the accuracy of the
forecast. Notice the slowly changing blocky;,, ’s
sampling rate with other two types different
(measurement vector lengthis y, ), sofor thewholeof
the non reference frame’s multihypothesis prediction
process can promote for variable sampling rate of
multihypothes sprediction.

Givenblock x/, all inthereconstructed reference
frameof the corresponding position of searchwindow’s
image block are regarded as used to predictx’ of
candidates bl ock, the best linear combination of these
candidate block constituted x| of multihypothesis
prediction, whichisx! = H!®/. H) shows matrix is
made up of al candidate block, its column vector
h(c=1---,C) shows different candidate blocks of the
vector turns, thento x! ’smultihypothesis prediction
processisto solvecandidate block of theoptima linear
combination coefficient &, *sprocess.

& =argmin|ly;, —H o} (12)

With Tikhonov regularization method to solveformula
(12), jointhe penalty termfor it, get it
o =argmin|ly;, -®H{o |z +2 T e |; (13
2 shows Lagrangian multipliers, This paper
chooses ;1 =00625. Tikhonov matrix 1 choosesdiagond
elementsfor || y;,, - ®h, ||,’sdiagona matrix, through
thiskind of structure, T matrix took the coefficient
vector ,; implement the strategy of rewards and

punishments, And thetarget block themoresmilar, the
candidateblock of theweighting coefficient thegregter;
on the contrary, the candidate block of theweighting
coefficient theless. By the standard sol utionsformula
of Tikhonov candirectly get thebest linear combination

BioTechnology — o

coefficients

&y = ((PH) (®H)+ACT) H(@H) v, (19)
If x is slowly changing block, due to its

measurement vector y, ,, longfor m,, usingthesame

processfor multihypothesis prediction need to useto
match the measurement matrix o,.

Variablesamplingrateof residual re-factoring
The multihypothesis prediction obtained the
prediction of theframex, and the original signalstill

X, there are some errorsr = x, - X, . By the linear
characteristic of measurement process can be
concluded that the measured value of theresidua Ris

equd toforeceast frame'x , withtheorigina signa inthe

measurement domainof resdud:

Q=0R=®(X, - X,) =Y, -®X, (15)
Amongof themg < r¥, v, showsthereceivingend

got measurement after preprocessing, only slowly

changing block of measurement vector y; longform,,

so when i e 1, predicts residual vector q' also only

reservesbeforem dements ' = [ g, .q,, ] -

In this paper, by solving the minimum ¢, norm
optimization method of reconstructing the residual
vector r'(i=12--,K), get the residual
R=[f,F2,---,F¥].

i =argmin||Dr' ||, s.t. g =ar (16)

Then refactoring the non reference frame
for, =%, +R. eUsngregularization IRLS algorithm
optimization solvingformula(16), theobjectivefunction
of ¢, normisreplaced by theweighted ¢, norm:

7i=arg mini virt, s t. q = oDy’

Among of them, p showsthe standard video test
sequence’sresidual databy K - SV D training method
of residual general dictionary, ' =[y,,-,7, ] shows

(17)

theresidual vector ;i sparse representation coefficient
under residud dictionary p, whichis ' = Dy'. Inthe
iteration solving process by the formula (17), the
weighting coefficient v, of eachiteration arecalculated
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al by theresultsof thepreviousiteration:
v =04 +e) ™ (18)
Theoptimal sparse coefficient of thisiteration for
y" =Q,(®D)" (®DQ (®D)") ¢ (19)
In the formula, @ _shows this iteration of the
weighting coefficient’sreciprocal 1/ v, (I =1,2,---, L) the
composition of diagonal matrix. Theliterature setsthe
regularizationfactor ¢ initid valuefor 1, andwitheach
iteration decresses ¢ valuegradualy, until the sparse

coefficient convergeto the optimal solutionisto stop
theiteration.

THE EXPERIMENTAL RESULTS

This article uses MHFP package’s four groups
standard video sequenceto test itsproposed algorithm
performance: Foreman, News, Susie, Football. The
package can be directly in the literature™ author’s
website at http://www.ece.msstate.edu/~ewt16/
publicationsto download. Cons der test sequencebefore
two frames, and takethe NO.1 frameasthereference
frame. Experimentsdl dgorithmblock sizeis s«s, the
samplingrateof referenceframesaredl fixed at 50%.

Thispaper’sdgorithm of the non referenceframe
of sampling rate can be according to thetest sequence
itsdlf structure complicated degree and the extent of the
inter-frame motion adaptive adjust size, thereforeisnot
known in advance, but can be artificialy changed
parameters (all kinds of block sampling rate or
classification threshold) control its probably scope of
the sampling rate, to adapt to the demand of the
application environment (is to reconstruct quality
requirementshigh or to transmission datavolume have
largelimits). Theexperiment of thispaper by themultiple
sets of video sequencesisto choose aset of general
strong parameters, not only ensurethesampling rateis
low, and a so ensuring the quality of reconstructionis
higher, andin the absence of specid requirementscan
be used asfixed parameters. Set 3 different categories

of block samplingraterespectively are: 5 =5%, S =20%,
S,=50%, Threshold of the classification decision
respectively are: T, =0.003, T, =0.15.

Set theMHFP’ssearchwindow sizefor +4 pixels.

————, FyurL PAPER

Firgt, theexperiment compared therest of theconditions
exactly the samecircumstances (sel ection thesame as
MHFP of random projection matrix and thereference
frameand resdud reconstruction dgorithm BCS-SPL -
DWT) with variable sampling rate measuring method
VS-MHFP1 and re-factoring structure of MHFP
agorithm, asshownin TABLE 1. Theandysistable’s
data can be seen that under the condition of the same
background, just rely on variable sampling rate’s
measurement way can makethetest ssquence Foreman,
News, Susie and Football’s re-factoring PSNR
respectively increased: 0.69 dB, 0.43dB, 1.21 dB and
0.62 dB.

TABLE 1: MHFPwith VS-MHFP1videoframereconstruc-
tion quality comparison (PSNR (dB))

sequence Sampling rate  MHFP VS-MHFP1

Fareman 0.1 31.55 3263
News 0.13 28.90 28.99
Susie 0.09 33.07 34.45
Foothall 0.25 2579 28.23

Inaddition, thisarticle proposed video compression
perception reconstruction algorithm is presented V-
MHFP2 and MHFP and FS-MHFP’s performance
comparison in TABLE 2. Among of them, FS-MHFP
shows fixed sampling rate of multiple hypothesis
prediction reconstruction method (besides sampling
way, FS-MHFP of other terms the same as the V-
MHFP2). Can be seen fromthe TABLE, V-MHFP2
compared withMHFPand FS-MHFPR, itsreconstruction
quality areall improved obviously, Foreman, News,
Susie, Football respectively increased: 2.67 dB, 5.55
dB, 2.52 dB, 2.95 dB, 1.29 dB, 2.70 dB, 1.76 dB,
0.64 dB. Observing and comparing Figure 2 showsthe
algorithm VS-MHFP2 of this paper can effectively
reconstruct the main movement area of thevideo. In
addition fromthe Figure 3 showsthe Foreman of local
amplification candsobeseenin Figurefor larger degree
of movement around part thelips, FS-MHFP’sblock
effect is obvious, and V-MHFP2 can effectively
eliminate the block effect, improve the quality of
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TABLE 2: MHFP,FSMHFPand V-MHFP2videoframere-
construction quality comparison (PSNR (dB))

Sequence Sampling rate MHFP FS-MHFP VS-MHFP2

Foreman 0.12 32.25 34.25 35.12
News 0.14 3035 3332 36.08
Susie 0.09 3500 3545 37.24
Football 0.25 2167 30.15 30.25

A & 8

recongtruction.

For simpler test sequence as Susi e sequence, the
method of this article can reduce adaptive the total
sampling rate, and can guarantee the good quality of
re-factoring. For more complex test sequence as
Football sequence, the method of this article can
increasetheadaptive sampling rate, to ensurethequality
of an acceptablereconstruction. In other words, this
paper proposesthevariable sampling rate measurement
way to select the sampl erate does not need artificial
judgment video complexity, it can adaptively adjust the

bk

%

(@) Theoriginal frame(b) MHFP (c) FSMHFP (d) VSMHFP2
Figure2: NewssequenceNO.2 framelocal reconstruction results(sampling rate 14%)

(QFSMHFP
Figure3: Samplingratefor 12%, the Foreman imager econstruction results(zoomin)

szeof thetotd sampling rate, makethesystemisapplied
indifferent scenarioseventually reconstruction quality
isnot too low.

For comparisonin TABLE 1 and TABLE 2 of four
kinds of a gorithm compl exity, inthis paper, under the
same experimental environment (CPU configuration:
AMD Athlon(tm)ll X2 255, frequency: 3.11GHz,
memory: 1.75GB, running environment: MATLAB
R2010a) recorded under four kinds of algorithmsto
ded withfour video sequenceinthetableof theaverage

BioTechnologqy —

(b) VSMHFP2

operation time, MHFP for 7.2001s, V-MHFPL1 for
7.0366s, FS-MHFP for 4.4673s, V-MHFP2 for
18.6643s. Among them, theV-MHFP1 running time
and MHFPbasic same, show that thisarticle presented
variable sampling rate basic thought not to increase
agorithm complexity. And V-MHFP2 compared with
V-MHFPL1 re-factoring speed isd ower, theagorithm
complexity ishigher, themainreasonisthat thisarticle
choosestheresidual reconstruction algorithm IRLSis
an iterative optimization solving process, reconstruction
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speed than taking the image for whole BCS- SPL-
DWT agorithm of wavelet transformisd ow.

CONCLUSION

This paper putsforward akind of makefull use of
theinter-frame corrdaion’svariablesampling ratevideo
compression perception algorithms, for complex
structure, movement larger’simage block with high
sampling rateismeasured. In reconstructing end, the
variablesampling raiemultihypothes sprediction method
isusedto achievethegoal of makefull useof theinter-
frame correlation. Theexperimenta results show that
thispaper proposad variable sampling rate measurement
way can according to the structure and motion of
different video scene adaptive adjustment of sampling
rate strategy at areasonable distribution, under the
condition of total sampling rate certain makeintegral
effect to be the optimum, improves the sampling
efficency effectively.
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